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GENERALIZED SPLINES IN R"
AND OPTIMAL CONTROL*

Abstract. We give a new time-dependent definition of spline curves in R", which extends
a recent definition of vector-valued splines introduced by Rodrigues and Silva Leite for the
time-independent case. Previous results are based on a variational approach, with lengthy
arguments, which do not cover the non-autonomous situation. We show that the previous re-
sults are a consequence of the Pontryagin maximum principle, and are easily generalized us-
ing the methods of optimal control. Main result asserts that vector-valued splines are related
to the Pontryagin extremals of a non-autonomous linear-quadratic optimal control problem.

1. Introduction

Polynomial splines have been extensively used in several applied areas of mathematics
such as computer graphics and approximation theory. Since the early 90’s, they have
been used in control theory, associated to problems of aircraft control and path planning
of mechanical systems. These applications originated the extension of classical spline
functions to other contexts such as Riemannian manifolds, Lie groups, etc.

Another line of research started with the definition of spline functions which
are not polynomial splines. One of the first generalizations in this direction are the so
called scalar generalized splines, which were introduced in the 50’s by Ahlberg, Nilson
and Walsh [1]. The connection between scalar generalized splines and optimal control
was established between 1995 and 1999. It turns out that splines are much more than
a tool to be used in control theory. They are intrinsic to optimal control problems and
appear naturally as minimizers of certain problems [9, 12].

Recently, this connection between minimality and splines was extended to a
new class of spline functions in arbitrary dimensional Euclidean spaces [11]. This
was accomplished by variational arguments and a more general time-invariant optimal
control problem. Here, using tools from optimal control, we go a step further. We
consider a class of classical linear-quadratic optimal control problems, which are not
necessarily time-invariant, and recover, as corollaries, the previous results.

2. Background

In this section we give an account of scalar generalized splines, its connection to opti-
mal control, and collect all the necessary results to be used in the sequel.

*This research was partially presented, as an oral communication, at the Second Junior European Meet-
ing on “Control Theory and Stabilization”, Dipartimento di Matematica del Politecnico di Torino, Torino,
Italy, 3-5 December 2003.
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2.1. Scalar generalized splines.

Generalized splines were first introduced in the late 50’s by Ahlberg, Nilson and Walsh
[1]. Consider the linear differential operator of order p € N

L=DP-4ap_1()DP' - +... 4a;(t)D - +ay(t)-

where each ak(t), k = 0,1,..., p — 1, is a real C P-smooth function in [a, b]. The
operator L is acting on the space C M[a, b] of real functions defined in [a, b]. Its adjoint
is defined by

L* = (=1)PDP -+ (=1)P'DP N (@p_1 (1)) +--- — D(ar(t))) + ao(t) - .

L* is also acting on C M[a, b] and the scalar product for which it is computed is given
by

b
(xl,Xz>=/ X1 ()X (t) dt .
a

LetA:a=t) <t <...<tm=Db,m e N, bea partition of [a, b], Q be the family of
real C 2P~2_smooth functions in [a, b] which are C 2P-smooth in each interval [t;, t; +11,
i=0,1,....m—1land f € Q.

DEFINITION 1. The function s : [a,b] — R is an interpolating generalized
spline of f associated to A and L, if s € Q, s is a solution of the differential equation
L*Lx = Oineach interval [t;,tj+1],i =0,1,...,m —1,and s(t) = f(t) on A.

DEFINITION 2. An interpolating generalized spline of f is of type I if it is such
that s® (tg) = f K (tg) and s® (t) = F W (ty), fork =1,2,...,p — 1.

The function f is usually omitted from the previous definitions. Instead, one has
to demand that, in Definition 1, function s fulfills the interpolation condition s(tj) = Sj,
where sj,i =0, 1, ..., m, are given real numbers and, in Definition 2, that s fulfills the
boundary conditions s® (ty) = nlg and s (ty) = n,kn where n'é, nrlﬁq, k=1,2,...,p—
1, are prescribed real numbers. Then, we just say that s is a generalized spline of type
I. The next statement collects several results about generalized splines of type | which
can be found in [1].

THEOREM 1 ([1]). There exists, for each set of boundary and interpolation con-
ditions, a unique generalized spline of type | associated with the differential operator
L and the partition A. Moreover, this generalized spline is the unique minimizer of the

functional
b
/ (Lg)? dt
a

among all the functions g € Q that fulfill the same boundary and interpolation condi-
tions.
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REMARK 1. There are other types of boundary conditions, described in the lit-
erature, that also ensure the existence and uniqueness of the corresponding generalized
spline.

We now give two examples for constant coefficient operators: an example of a
cubic spline, and an example of a trigonometric spline. Let A : 0 < 1/4 < 1 be the
partition of the time interval [0, 1]; S(tg) = 3, s(t;) = 1 and s(t2) = O be the inter-
polation conditions; and $(tp) = —1, $(t2) = 1 be the boundary conditions. We first
consider the operator L = D?. The resulting spline of type I is a C 2-smooth function
in [0, 1] such that S(t) = C1j + Coit + C3it% + c4it3 in each [tj, tj-1] where Cyj, Cj,
Csi, C4 are real constants to be found. This is the classical cubic spline. Consider-
ing L = D? + 144, the resulting spline of type I is also C 2-smooth in [0, 1] so that
S(t) = (C1i + Cpit) cos (12t) + (C3j + C4it) sin (12t) in each [tj, tj 1]

Cubic spline Trigonometric spline

The most immediate generalization of scalar splines to curves in R" is achieved
by simply considering vector functions g : [a, b] — R", the same operator L as before,
and adapted interpolation conditions, boundary conditions, and set Q. It is obvious that
each component of the resulting spline will be a scalar generalized spline, and therefore
such a spline curve will always minimize the functional

b
/ (Lg, Lg) dt,
a

where (-, -) stands for the Euclidean inner product, among all functions in € that fulfill
the same boundary and interpolation conditions. As we shall see, from an optimal
control perspective such a trivial generalization is not the natural way of extending
scalar-splines to vector-valued splines.

2.2. Scalar generalized splines and optimal control.

Since the early nineties, in order to deal with applied problems from Robotics, there
has been an increasing interest to combine spline curves and integral cost problems
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associated with linear control systems. Among theoretical developments, it was found
that scalar generalized splines are minimizers of a simple optimal control problem with
a linear time-invariant control system and a single control (see [9] and [12]). This dis-
covery is of crucial importance, because it introduces a new perspective to the subject:
scalar spline functions are better viewed as a consequence of the search for an optimal
control, rather than a postulate imposed a priori in order to solve particular classes of
problems. Given its importance, we summarize the main result here. Consider the
following autonomous linear-quadratic optimal control problem:

b
min / u?dt
u a

subject to
M X = Ax + Bu
X(to) = X0, X(tm) = Xm
x'(t) = ai, i=1,2,...,m—1,
wherea =ty < t] < --- < tme1 < tm = b, x! is the first component of the state

vector, aj € R, u is a scalar function which is C "~2-smooth in [a, b] and C "-smooth
in each interval [tj, tj1{]. Let us assume that the state space is R" and that the state
vector is a C 2"~2_smooth function in [a, b] which is also C 2"-smooth in each interval
(i, Gl

THEOREM 2. If the control system X = Ax + Bu of problem (1) is completely
state controllable with matrices A and B in the canonical form

0 1 0 0
A= , B=
o .- 0 1
8 a - ap—| 1
for given real numbers aj, j =0, 1,...,n — 1, then the optimal control problem (1)

has always a unique solution with the first component of the optimal state vector being
a generalized spline of type I associated to the constant coefficient differential operator
L=D"—a, D" —...—a;D—ay.

If the first component of the optimal state vector of problem (1) is a scalar
generalized spline, the following questions come immediately to our mind: What can
be said about the minimizing state trajectory of the optimal control problem? Is it
some sort of a generalized spline in R"? The answer to these questions leads us (see
Definition 4) to a new time-dependent definition of generalized spline in R", which is
the main contribution of the present paper.
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2.3. Pontryagin’s maximum principle, existence, and regularity.

The general problem of optimal control can be defined, in Lagrange form, as follows:

. R
(X(r'n)’l&)) I[xX(),u()] = /ta L(t, x(),u(t)) dt

2) XM =9 x®),u()
(X(ta), X(tp)) = (a, B)
X () € Wi, ([ta, to] : R")
u() el (ta,tol; QCR") .

We assume that £ : [ta,tp] x R" x R" — Rand ¢ : [tg, tp] x R" x R" — R" are
C!-smooth functions with respect to all arguments, and that the boundary conditions,
together with the class of control functions U, are given. The standard method to solve
(2) is usually based on the deductive approach: (i) a solution exists for the problem;
(ii) the necessary conditions are applicable, and they identify certain candidates (so
called extremals); (iii) subsequent elimination (if necessary) identifies the solution (or
solutions). We are interested in the case where there are no restrictions on the control
variables: Q = R'. The unrestricted case poses many difficulties, and the problem
turns out to be a difficult one, even in special situations. As we explain next, most part
of difficulties appear in the application of steps (i) and (ii).

The first general answer to (i) was given by A. F. Filippov in 1959 [7], assuming
the admissible controls to be integrable (({ = L), and the control set Q to be compact.
As far as we assume € to be a noncompact set, Filippov’s theorem does not apply. To
solve the existence problem, we make use of the following theorem (see [4]).

THEOREM 3 (“Tonelli” Existence Theorem for (2)). Problem (2) has a mini-
mizer (X(-), G(-)) with G(:) € L ([ta, tp]; R"), provided there exists at least one ad-
missible pair, and the following convexity and coercivity conditions hold:

e (convexity) Functions L(t, x, -) and ¢(t, x, -) are convex for all (t, x);

e (coercivity) There exists a function 6 : R;{ — R, bounded below, such that

L, x,u) =0 (e, x,w]) forall (t, x,u);

o
lim Q = +00;
r-+oo I
lim o, x,u)| =4occ forall (t,x).
[lufl =00

REMARK 2. For the definition of convexity of L(t, X, -) and ¢(t, X, -) see [4].
In the case ¢ = U one has the fundamental problem of the calculus of variations, and
we get from Theorem 3 the classical Tonelli existence theorem.

Step (ii) is addressed by the Pontryagin Maximum Principle [10].
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THEOREM 4 (Pontryagin Maximum Principle). If (x(-), u(-)) is a minimizer
of (2) and u(-) is essentially bounded, u(-) € L, then there exists (wo, w(-)) # O,
wo <0, w() € Wﬂl, such that the quadruple (x(-), u(:), wo, w(-)) is a Pontryagin
extremal: it satisfies

e the Hamiltonian system

oH
X = w N
) . oH
VT T
e the maximality condition
4) H (L x(®), u®), wo. y (©) = max H (&, x(0), v, yo, y (1)) 5
v

with the Hamiltonian

©) H(t, x,u, wo, w) = wo L, X, U) + (y, 0 (t,X,U)).

DEFINITION 3. A Pontryagin extremal (x(-), u(-), wo, w(-)) is said to be ab-
normal when y is equal to zero, and normal otherwise.

The existence is assured in the class of integrable controls ((/{ = L), while
the formulation of the Pontryagin maximum principle assume the optimal controls to
be essentially bounded ({ = Lo C Lj). For minimizers predicted by existence
theory, Theorem 4 may fail to be valid, because the values of optimal controls can be
unbounded. This is a possibility even for very simple instances of problem (2): e.g. £
a polynomial and ¢ linear. One such example can be found in [2]: the problem

1 2
min / ((X3 — t2) ult ¢ u2) dt
0

(6) X =u()
x(0)=0, x(1)=k,

satisfies all the hypotheses of Theorem 3; it can be proved (see [5]) that for certain
choices of constants k and ¢ there exists a unique optimal control u (t) = kt~!/3; but
Theorem 4 (Pontryagin maximum principle) is not satisfied since y (t) = Ly (t, X(t),
X(t)) = ct=*/3 is not integrable (1 (-) is not an absolutely continuous function).

In order to apply the deductive method (i)—(iii) one needs to close the gap be-
tween the hypotheses of existence and necessary optimality conditions. For that, con-
ditions beyond those of convexity and coercivity, assuring solutions () to be in L
and not only in L, must apply. To exclude the possibility of bad behavior that occurs
for (6), we will focus our attention to problem (2) with Lagrangian £ and function ¢
given by

L, x,u) = (B(t)u, B(t)u),

@)
p(t,x,u) = At)x + B(t)u,
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under the hypothesis

(H1) B(t) is a square matrix with full rank for all t;

(H2) the dynamical control system X(t) = A(t)x(t) + B(t)u(t) is completely state
controllable;

(H3) t — A(t) and t — B(t) are C!-smooth functions.

Roughly speaking, this gives the biggest class of optimal control problems which gen-
eralize (1) in a natural way; do not admit abnormal extremals (see the next remark);
and for which the gap between existence and necessary optimality conditions is auto-
matically closed.

REMARK 3. Since there is no constraint on the control, singular trajectories are
exactly projections of abnormal extremals. But due to the assumption on the linear sys-
tem (it is supposed to be completely state controllable), there is no singular trajectory,
and thus the optimal control problem has no abnormal extremals.

THEOREM 5 (Boundedness of optimal controls [13]). Under the hypotheses of
the existence Theorem 3, if there exist constants ¢ > 0 and k such that

<cl|L]+Kk,

oL
k —_—
coicren, [

5

op o0 .
—1 <c k — | < cloi k (=1,...,n);
22 <cronsic. |22 <ctmt ek a=1.om

then all minimizers of (2) satisfy the Pontryagin maximum principle.

It is a simple exercise to see that with £ and ¢ defined by (7), hypotheses (H1)
and (H3) imply all the conditions of Theorems 3 and 5.

3. Mainresults

We are interested in the following non-autonomous linear-quadratic optimal control
problem:

b
min J[u(~)]:/ (B(t)u(t), B(t)u(t)) dt

uc)
(P) subject to
X(t) = A)x(t) + B(tu(t)
x(t) = xi, i=0,1,...,m,
for a given partitona =ty < t; < -+ < tm_; < tm = b and fixed X; € R".

The control U : [a,b] — R" is unrestricted; the state function X : [a,b] — R"
is an absolutely continuous function; A(t) and B(t) are n x n matrices and B(t) is
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nonsingular. We find the minimizer of (P) by solving (P;),i =0, 1,...,m — 1, in the
interval [, G4 ]:

tig1
min 3 1u01= [ @O, Bouw) d

X(t) = AM)X(t) + B(H)u(t)
X(t) = xi, X(tir1) = Xig1.

(Pi)

In order to guarantee the applicability of the Pontryagin maximum principle, and the
existence of a normal solution, hypotheses (H1), (H2) and (H3) of previous section
are in force. Under these assumptions we can choose, without any loss of generality,
wo = —% in Theorem 4. The Hamiltonian (5) is then given by

H(t, x,u, y) = —3 U'B(t)B(t)u + y/'(A(X + B(tu),

where we use the symbol prime ’ to denote the transpose of a given vector or matrix.
The Hamiltonian system (3) reduces to

X(1) = AMx(®) + BOHu(),

y() =—-AM)y(),

while from the maximality condition (4) one obtains
B(t)' (B(Hu(t) — w () =0.

This equation implies that y (t) = B(t)u(t) and hence

©) u® =BO ™y ()

is the unique Pontryagin extremal control. Thus, due to Theorem 5, U given by (9) must
be optimal.

From equation y(t) = B(t)u(t) and from equation y(t) = —A(t) w(t) of
system (8) we get the matrix differential equation

®)

(10) %(B(t)u(t)) + At B)u(t) =0.

Introducing the matrix differential operator L = D — A(t), the control system X (t) =
A(t)x(t) + B(t)u(t) can be written as

(11) Lx(t) = B(t)u(t)
and equation (10) as
(12) L*B(t)u(t) =0,

where L* = —D — A(t)’ is the adjoint operator of L. From (11) and (12) we conclude
that the minimizing state trajectory is a solution of the differential equation

L*Lx(t) =0,
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which can be written as
K(t) 4+ (At) — A1) X(t) — (A(t) At) + At)) x(t) = 0.
We have just proved Lemma 1.

LEMMA 1. Under hypotheses (H1)-(H3) the optimal control u is, in each in-
terval [ti,tj+1], i = 0,1,...,m — 1, a solution of the matrix differential equation
L*B(t)u = 0 with L* = —D — A(t)’ the adjoint operator associated to the operator
L = D — A(t). The corresponding optimal state trajectory x is such that L*Lx = 0 in
each interval [ti, tj+1].

An explicit expression for the optimal state trajectory and for the optimal control
can be obtained in terms of the State transition matrix. These results are stated in the
following Theorem. We refer the reader to [3] for the definition, and properties, of the
state transition matrix.

THEOREM 6. The optimal state trajectory of problem (P) has, in each interval
[ti,tir1],i =0,1,...,m— 1, the explicit expression

t
(13)  x®) =0, t)xi + (/ CD(t,S)CD(ti,S)’dS) STH@(, v )Xip1 — Xi)
t

where @ is the state transition matrix associated to X = A(t)x, and S is the symmetric
matrix given by

i1
/ D(t,s)D(t,s) ds.

&

Furthermore, the optimal control of problem (P) has, in each interval [t;, ti11], i =
0,1,...,m — 1, the explicit expression

(14) ut) =B O, 1) STHOW, tit1) Xiv1 — Xi) -

Proof. (Theorem 6) Since w = B(t)u, the Hamiltonian system takes the form

X=AM)X+y,
(15) = A 4
v=—Al)y.
From equation y = —A(t) y we get w(t) = O(tj,t) w(t). The substitution of y

in equation X = A(t)X + y of system (15) generates X = A(t)x + ®(t;, t) y ().
The solution of this complete differential equation, with initial condition X (tj) = X;, is
given by

t
(16) xm=®mmm+/®mw®mwwmms
&



72 R. C. Rodrigues —D. F. M. Torres

Now, we just have to find y (tj). Using the other initial condition X (tj+1) = Xj+1 we
get

it
Xit1 = O(tip1, )X + (/t ®(ti+1,5)®(ti,5)’d5) w(ti)

tit1
= O, t)Xi + O(tiyr,ti) (/ fl)(ti,S)‘D(ti,S)/dS) w(t).

ti

If we denote the symmetric matrix

tiy1
/ O(tj,s)D(t,s) ds

I
by S(ti, ti+1), or simply by S, we can write
Dt ) Xipr — X =Sy (t) & O, tip)Xip — X =Sy (t).
Since matrix S is always non-singular, we get w(tj) = STH® (i, ti)Xit1 — Xi).

Finally, from (16), we obtain the equality (13):

t
X(Otert i1 = P )X + (/ ‘D(t,S)‘D(ti,S)'dS) STH@O M, i )Xit1 — Xi).
&

The second part of the theorem is a direct consequence of equation (9). From previous
calculations we have

() = O, 1) ST (DM, ir)Xiv1 — Xi)
and thus, equality (14) follows immediately. O

REMARK 4. From the proof of Theorem 6 it follows, by direct calculations,
that the optimal value for the integral functional J;[-] of problem (P;) is given by

(@, i )Xier — X)) STH@E, tip)Xitr — Xi) -

REMARK 5. We have seen that in each interval [tj, tj.1],i = 0,1,...,m —
1, the optimal state trajectory of problem (P) is a solution of the matrix differential
equation

() + (A®) — AD) X (1) — (A)' A®) + A1) x(t) = 0

which does not depend on the matrix B(t). This is natural since we can make the
substitution U + » = B(t)u in the problem (P) and thus eliminate the presence of
matrix B(t) in all further calculations.

REMARK 6. When problem (P) is autonomous, the first part of Theorem 6
reduces to Theorem 2.12 in [11].
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Lemma 1 and Theorem 6 give the main motivation for our definition of gener-
alized time-dependent spline in R". Let L be the linear matrix differential operator of
order p

(17) L=DP.—Ap()DP ' —- .. — Ai(t)D - —Ag(b)-,

where each Aj(t), j =0, 1,..., p— 1, is areal square n x n C P-smooth matrix func-
tion in [a, b]. The operator L is acting on the space C M[a, b] of real vector functions
defined in [a, b]. The adjoint of L, denoted by L*, is defined as

L* = (=DPDP- + (=1)PDP~I (A, ()) + (=D)P'DP2 (AL, () )+
+ -4+ D(AT(D)) = Ay(D) -

L* is also acting on C M[a, b] and the scalar product for which it is computed is given
by

b
(X1, X2) =/ X1 (1) x2(t) dt .
a
Consider
(18) Ara=t) <t <...<tp=Db

to be a partition of [a, b], and let Q represent the set of all R"-valued functions defined
in [a, b] which are of class C 2P~2 in [a, b] and of class C 2P in each interval [t;, tiv1],
i=0,1,...,m—1.

DEFINITION 4 (Generalized time-dependent spline in R"). A functions : [a, b]
— R" is an interpolating generalized spline of f € Q, associated to A (18) and L
(17), if s € Q, s is a solution of the matrix differential equation L*Lx = 0 in each
interval [ti, ti+1], S(t) = f(t) on A (interpolation conditions), and s® (tg) = f® (t),
s® (tm) = F®(ty), fork = 1,2, ..., p — 1 (boundary conditions).

REMARK 7. Definition 4 includes, as particular cases, the scalar Definition 2
and the definition introduced in [11].

REMARK 8. As done in the scalar case, the interpolating function f € Q can
be omitted in Definition 4.

REMARK 9. The function x(t), t € [a,b], given in each interval [tj, tj 1],
i =0,1,...,m — 1, by (13), is a generalized time-dependent spline in R" in the
sense of Definition 4.

REMARK 10. For L = DP the solutions of L*Lx = 0 give polynomial splines
in R" with all the components being scalar polynomial splines of degree 2p — 1. This
is, as mentioned at the end of §2.1, the immediate generalization of scalar polynomial
splines to vector-valued splines, and the one found in the literature.
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We have seen that generalized splines associated to an operator L of order p = 1
are related to the optimal control problem (P). For p > 1, there corresponds an
optimal control problem with higher-order dynamic x (P) = ij;é Aj ®xD + B(t)u.
This higher-order optimal control problem can be easily written in form (P). For that
we introduce new state variables, reducing the control system of order p to a first-order
control system. This is the same to say that when L is an operator of order p > 1,
the homogeneous differential equation L*Lx = 0 of order 2p can be reduced to a
first order differential equation, just by increasing the dimension of the matrices Aj (t),
j=0,1,...,p—1

Under our hypotheses, it is possible to write the optimal control problem (P) as
a problem of the calculus of variations with higher-order derivatives. This is done by
showing that an arbitrary admissible pair (X(-), u(-)) of (P) can be always expressed
in terms of higher order derivatives of a single vector valued function (see [6]). From
Theorem 6 we obtain:

THEOREM 7. Given the operator L (17) and the partition A (18), there exists a
unique generalized spline in R" for each set of boundary and interpolation conditions.
This generalized spline is the unique solution of the following higher-order problem of
the calculus of variations:

b
/(Lg,Lg)dt —  min,
a

among all the functions g € Q that satisfy the same boundary and interpolation condi-
tions.

4. Examples

We give two examples for which the state and control spaces are R2. We denote the
components of the state vector X by X; and X2; the components of the control vector u
by U7 and U». The first example is

2
min / U12+U22dt
u=(up,up)’ 0

subject to the control system

(19) %o = —t2x; + Uy,

[ X1 =t2X + U,
and the interpolating conditions
X(to =0) = (0,0), x(t; =1)=(1,05), x(t=2)=(-0.251).

As far as the control system (19) is non-autonomous, this example is not covered by
the results in [11]. We have the time interval [0, 2] and its partition A :a =0 < 1 <
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2 = b. The associated state transition matrix is given by

cos (tzgti3) sin (t3_3ti3)
O, ) =

. t3—ti 3 t3_ti3
— Sin ( 3 Cos 3

The linear dynamic is completely state controllable. Such a conclusion follows imme-
diately from the fact that the symmetric matrix

W = /Tl ®(19,5)B(S)B(s) @ (10, ) ds
0

is positive definite for some 7; > 79 with 79, 71 € [0, 2]. This is a classical test for
complete controllability which is due to Kalman [8]. Since B and @ are orthogonal
matrices, the matrix W is simply

71 — 79 0
0 71 —1)

The optimal control is, in each interval [tj, tj;1], solution of the equation

u; + t2U2 =0
L*Bu = .
u 0¢>[U2—t2ul=0.
We get
— sin (t3_3t‘3)cu + cos (t3_3ti3)02i
(20) u®)tert 41 = Wt (D
cos( 7 )Cli —l—sm( 7 )Czi

where Cjj and Cy; are real constants to be found. The corresponding generalized spline
in R?, solution of equation

X — 2t2X2 — t4X1 —2tx, =0
L*Lx = . ,
0< [ X2 +2t2X1 + 2tx; —t4X2 =0
in each interval [tj, tj 1], is given by X ()jteft; 4,1 = (X1 (1), X2(t))’ with

t3_ti3 t3_ti3

xi(t) = COS( 3 )(Xl(ti)+ (t —t)cii) +sin (T)(Xz(ti) +(t —ti)cai)

and

t3—ti3 t3_ti3

xa(t) = —sin (555) 0a ) + (=) e) + cos (S5 0a) + ¢ —th ca)

where Cjj and Cp; are the same constants that appear in formula (20). As expected,
the resulting spline is a continuous vector function and the optimal control function is
discontinuous att = t;.
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2

First example — optimal control

We now apply our results to the autonomous situation treated in [11]. Consider
the optimal control problem

4
min / U12+2U1U2+2U22dt
u=(uy,up)’ 0
subject to
X1 =—X2+ U
Xo = 2X1 + Uj + Ug,
X(to =0) = (0,0)', x(t; =1)=(1,0.5),
X(ty =2) = (=025,1) and x(t3 =4)=(1,-1)".
The optimal state trajectory is the generalized spline which, in each interval [tj, tjy1],
is solution of equation

X1 +3% —4x; =0

% _ o I ; / —
LLx =0 X+(A-Ax—(AAX=0c1 o 5 =0
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We get, in each interval [tj, tj1],

and

x1(t) = sin (v2t)(Gtcyi + C4i) + cos (ﬁt)(%ﬁcu + 3t eai + c3)

X2(t) = sin (V21)(cii + 3T‘/§tczi +v/2¢3) + cos (ﬂt)(—ﬂﬂcu + TCoi +v2C4i)

where Cjj, Cpj, C3i and C4j are real constants to be found in each interval.

Second example — generalized spline in R?
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